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Abstract. Pattern mining consists in discovering interesting patterns
in data. For that, algorithms rely on smart techniques for enumerating
the pattern search space and, generally, focus on compressed collections
of patterns (e.g. closed patterns), to avoid redundancy. Formal Concept
Analysis offers a generic framework, called pattern structures, to formal-
ize many types of patterns, such as closed itemsets, intervals, graph and
sequence sets. Additionally, it provides generic algorithms to enumerate
all closed patterns and only them. The only condition is that the pattern
space is a meet-semilattice, which, unfortunately does not always hold
(e.g., for sequential and graph patterns). In this paper, we discuss pattern
setups, a tool that models pattern search spaces relying only on posets.
Subsequently, we revisit some techniques transforming pattern setups to
a pattern structure using set of patterns, namely completions, and we
state a necessary and sufficient condition for a pattern setup completion
using antichains to be a pattern structure.

1 Introduction

Pattern mining is the task of finding interesting patterns in a predefined search
space. A generic tool for defining such a pattern search space is pattern struc-
tures [10,14] based on Formal Concept Analysis (FCA) [9]. Indeed, itemsets,
interval [12], convex [3], partition [2] pattern spaces among others can be mod-
eled within the pattern structure framework. However, since pattern structures
rely on meet-semilattices, some pattern spaces that are only posets cannot be
“directly” defined using such a tool.

Fig. 1 depicts a dataset of 4 objects described by attribute "value" and la-
beled positive or negative. Consider the task of finding “good” rules d — + in this
dataset with d a description given by attribute value. Rather than considering
the usual meet-semilattice of intervals [12]; descriptions d are restrained to inter-
vals of the form (v] and [v) or singleton {v} C R (see Fig. 1 - right). Descriptions
form a poset (D, D) but not a meet-semilattice. For instance, the set {{3},{5}}
has not a meet, since lower bounds of {{3}, {5}} has two maximal elements w.r.t.
D (i-e. [3) and (5]). Hence, the triple (G, (D, D),d) with § : g — {value(g)} does
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Fig. 1. Dataset (left), its representation in R with black dots representing positive
objects (center) and the description language (right).

not form a pattern structure [10] since {d(g2),d(g3)} = {{3},{5}} has not a
meet. It does form actually a pattern setup [16] which is based on a poset.

Description spaces like the one in Fig. 1 are numerous. For instance, sequen-
tial patterns [1] ordered by “is subsequence of” do not form a meet-semilattice
[19] [7]. Sequential meet-semilattice in FCA [6] [7] refers usually to set of se-
quences rather than to the poset of sequences. Same holds for the graph
meet-semilattice from [13]. In general, the base pattern setup is transformed to
a pattern structure using sets of descriptions thus providing a richer space (lan-
guage). Such transformations are naturally called completions. For example, in
Fig. 1, restriction {value > 3,value < 5} is equivalent to 3 < value < 5 and
does not belong to the base description language.

Understanding properties of pattern setups independently from their com-
pletions is fundamental for answering many practical questions. For instance,
consider the question “What are the best descriptions covering all positive in-
stances?”. If better stands for more relevant than as in relevance theory
[11], the answer will be the two best incomparable rules value > 3 — + and
value < 5 — + rather than only one in the completion 3 < value <5 — +.

In this paper, after recalling basic facts on pattern structures in Section 2,
we discuss the properties of a pattern setup in Section 3. Subsequently, Section 4
revisits pattern setup completions and states a necessary and sufficient condition
on a pattern setup to augment it to a pattern structure using antichains of
patterns [13,6,7]. We coin pattern setups verifying such a condition pattern hyper-
structures. The basic order-theoretic concepts we use in this paper are well-
presented in [18] and [9]. Table 1 resumes the used notations.

Table 1. Notations

p(E) |Powerset of E {S|SCE}
fIS] Image of Sby f |{f(s)|s€ S} CFwithSCFEand f:E— F

(D,C) |Poset partially ordered set. Below S C D is a subset
1S Down closure {deD|(3s€S)dCs}. ForscS:|{s}2]s
TS Up closure {deD|(3s€S)sCd}.ForscS:1{s}21s
St Lower bounds {deD|(Vs€S)dC s}. Forse S : {s}*' & s

S Upper bounds {deD|(Vs€S)sCd}. Forsc S : {s}* 2 s"
min(S) |Minimal elements [{s € S |d € S,dC s = d = s}

maz(S)|Maximal elements|{s € S |d€ S,sCd=d=s}

[1s Meet greatest element of S if exists (d € S* < d C[1S)
LIS Join smallest element of S* if exists (d € S* & | |S C d)
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2 Basic Definitions

In general, pattern search spaces are formalized by partially ordered sets. In this
paper, we call description space (language) or pattern space (language)
any poset D := (D,C). Elements of D are called descriptions or patterns. For
any ¢,d € D, c C d is read “c subsumes d” or “c is less restrictive than d”.

Pattern structures is an extension of the basic FCA model [10]. Objects in
a pattern structure have descriptions in a meet-semilattice. Pattern setups [16]
generalize pattern structures by demanding only a partial order on descriptions.

Definition 1. A pattern setup is a triple P = (G,D,0) where G is a set of
objects, D is a description space and 6 : G — D is a mapping that takes each
object g € G to a description §(g) € D. We say that an object g € G realizes a
description d € D or d covers g if d C 6(g). A pattern setup P is said to be a
pattern structure if every subset of ]G] = {3(g) | g € G} has a meet in D.

Note that a necessary and sufficient condition on D to have a pattern struc-
ture (G, D, C) on any finite set of objects G and any mapping ¢ : G — D is that
D is a meet-semilattice with a top element (D has its greatest element).

In pattern structures, two derivation operators map posets (p(G), C) and
(D,C) to each other. They are usually both denoted by (-)M. For more clarity
we use ext and ¢nt notation.

Definition 2. The extent operator of a pattern setup, denoted by ext, takes
each description d € D to the set of objects in G realizing it. In the case the
pattern setup is a pattern structure, the intent operator, denoted by int, takes
a subset of objects A C G to the largest common description in D covering
them, with [] representing the meet in D, we have:

ext:D— p(G),d— {geG|dT d(g)} int:p(G)—D,A—][]6[4]

The size |ext(d)| is called the support of d and is denoted by support(d).

In a pattern structure P, the pair of operators (ext,int) forms a Galois
connection between posets (p(G), C) and (D, C). Thus, ext o int and int o ext
form closure operators on the two posets and (ext[D],C) is a [)-structure
(i.e. a complete lattice). Moreover, another complete lattice isomorphic to poset
(ext[D], Q) is used. It is called pattern concept lattice and is denoted by
B(P) = (B(P), <). Elements of B(P) are called pattern concepts and are
of the form (A,d4) with A = ext(da) and da = int(A). Pattern concepts are
ordered as follows: (A,d4) < (B,dp) < AC B< dg Cda.

3 Pattern Setups

Whereas basic FCA considers only binary data (descriptions are sets), pattern
structures can handle more complex languages. Nevertheless, it fails at consid-
ering some types of patterns, which do not make a semi-lattice. Before diving
into details, consider the following example.
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{91,92,93} {91, 92,94}

\ Fig. 2. The table (left) represents
{/92’ ?4} the pattern setup considered in ex-

G é()
gic—a—b
ggc—>b—=b—a

ample 1. The diagram (right) rep-
g3 Z b {on} {9‘2} {ga} resents the poset (ext[D],C) (not
ga 0= b= ¢ \ 0 - making a closure system).

Ezample 1. Let be the dataset with the set of objects G = {¢1, g2, g3, 94} in Fig. 2
(left). The description space (D, C) contains all non empty sequences that can
be built using items in {a, b, c}. It is ordered by the relationship “is substring
of” (i.e. is subsequence of -without gaps-) denoted by C. Such an order does
not form a meet-semilattice. Indeed, consider sequences 6(g1) = ¢ — a — b and
§(g2) = ¢ = b — b — a; clearly, their common lower bounds {§(g;),5(g2)}¢ =
{a,b,c} form an antichain and hence {§(g1),(g2)} has no meet. It follows that
(G,D,9) is a pattern setup but not a pattern structure.

Important Remark. Unless otherwise mentioned, in this paper P = (G, D, )
denotes a pattern setup where G is a non-empty finite set. Hence, theorems
and propositions in this paper are guaranteed to be valid only if G is finite.

It is clear that the extent operator (see Definition 2) can be used in the general
case of pattern setups since it requires only the order. However, the intent of a
set may not exist. We define here the cover operator.

Definition 3. We call cover operator, denoted by cov, the operator that takes
each subset A C G to the set of common descriptions in D covering them:

cov: (G) = p(D), A+ 5[A)' = {d € D| (¥g € A)d T 5(g)}

Note that ext and cov are order reversing mappings in a pattern setup:
(VA,B C G)A C B = cov(B) C cov(A) and (Ve,d € D)c C d = ext(d) C ext(c).
Some sets of objects A C G can have no common descriptions covering them.
In other words, cov(A) = 0. Definition 4 develops a categorization of sets A C G.

Definition 4. Let A be a subset of G. A is said to be an extent iff 3d € D |
A = ext(d). A is said to be coverable iff d € D : A C ext(d), otherwise it
1s said to be non coverable. The set of all possible extents is denoted by Py
and given by Pers = ext[D]. The set of coverable sets is given by | Peyst.

Ezample 2. Consider Fig. 2. Set A = {g2, g4} has cover cov(A) = {b,b — b, c}.
Moreover, A is an extent since ext(b — b) = A. Set B = {g3} is not an extent
since the only covering description is “a” for which ext(a) = {g1,92,93} (B is
coverable). Set C' = {g3,94} is non coverable, since g3 and g4 do not have
common symbols.

Remark 1. As in pattern structures [10], pattern implication and object
implication can be defined thanks to extent and cover operators, respectively.
For ¢,d € D, the pattern implication ¢ — d holds if ext(c) C ext(d). Con-
versely, for A, B C G, the object implication A — B holds if cov(A) C cov(B).
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3.1 On Maximal Descriptions in a Cover

In pattern structures, intent operator associates the largest common description
to a set of objects. However, cover operator takes a set of objects to the set of all
descriptions covering them. Such a set can be huge and needs to be “compressed”.
Since we have no guarantees of the existence of the largest common description,
a reasonable suggestion would be to consider the maximal ones.

Definition 5. The set of maximal descriptions covering a subset A C G,
denoted by covt(A), is given by:

covt (A) = maz(cov(A)) = maz(5[A]")

Remark 2. Maximal descriptions are sometimes called support-closed descrip-
tions [5]. A description d is said to be support-closed if Ye € D such that for
d C c and ¢ # d we have support(c) < support(d) (i.e. ext(c) C ext(d)).

3.2 On Upper Approximations of a Set

In pattern structures a description d € D covering the set A will certainly
cover ext(int(A)). This observation is important when it comes to search for
positive or negative hypotheses in a labeled dataset [13] or in other words classi-
fication association rules [15]. Indeed, if GT represents the whole set of positive
objects in the dataset G and if we want exactly one rule which covers all positive
instances, the best one (in terms of relevance [11]) will be the rule int(G*) — +
with confidence |G*|/|ext(int(GT))|. For pattern structures ext(int(A)) is the
closure of A, in Rough Set Theory [17], ext(int(A)) can be seen as the upper
approximation of A in G. To have a similar notion for pattern setups, we define
what we call upper-approximation extents.

Definition 6. The set of upper-approzimation extents of a subset A C G,
denoted by A, is given by: A = min({E € ext[D] | A C E}) = min(1 ANext[D]).

Ezample 3. Extent A = {g2, g4} in Fig. 2 has a unique upper-approximation (i.e.
A = {{g2,94}}). Coverable subset B = {g1, g2} has multiple upper approxima-
tions B = {{91,92,93},{91,92,94}}. Non coverable subset C' = {g3, g4} has no
upper approximations (i.e. C' = ()). Proposition 1 formalizes these observations.

Proposition 1. For any A C G, we have:
A€EP, & A={A} (1) A€l Py & A# 0 (2) A=min(ext[cov(A)]) (3)

Proof. We demonstrate each property independently:
1. A€ ext[D] & A= {A}: For (<), A C ext[D], thus A € ext[D]. For (=), we
have A €1 AN ewt[D] thus A = min(t AN ext[D]) = {A}.
2. A € ext[D] & A # (): For (=), we have A €| ext[D], that is 3B € ext[D]
st. AC B (i.e B €t A). Thus T ANext[D] is not empty and so does A (since
1 ANext[D] is finite). For (<), we have A # ), that is T ANext[D] # () thus
3B € ext[D] such that A C B thus A €| ext[D] =] Peyt.
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3. We show ext[cov(A)] =1 ANext[D]. Let B C G. We have B € ext[cov(A)]
< 3d € cov(A) st. B=ext(d) & IdeDVge A:dCi(g) & IdeD
A Cext(d) = B & B € ext[D]N 1 A. This concludes the proof. O

For a set A C G s.t. A # (0, any description covering A contains at least
elements of () A, the intersection of upper approximations of A.

Proposition 2. I : p(G) = ¢(G),A— NA=({E € ext[D] | AC E} is a
closure operator on (p(G),C). Moreover, we have I(A) = A for any A C G.

Proof. In fact, this proposition is a direct application of the following Lemma.

Lemma 1. Let (P, <) be a complete lattice with /\ its meet and let E C P be a
subset. The mapping ¢ : P — P,p+— ¢p(p) = N{e € E|p<e} is a closure
operator on (P,<) and ¢g[P] is a meet-structure in poset (P, <).

We prove Lemma 1. (1) ¢r is extensive. Trivially p € {e € E | p < e}’ for
p € P. Since the meet is the greatest element, we conclude: p < ¢ (p). (2) ¢g
is monotone. Let p;,ps € P s.t. p1 < pa, we have {e € F | py < e} C {e €
E|p <e}thus {e € E|p <e}f C{e€ E|ps < e}’. We conclude that
or(p1) < ¢or(p2). (3) ¢ is idempotent. Let us show {e € E | ¢p(p) < e} =
{e € E'| p < e}. Inclusion C is verified since p < ¢g(p). Inclusion O comes from
the definition since ¢g(p) is a lower bound of {e¢ € E | p < e}, then for any
e € E such that p < e we have ¢p(p) < e. The idempotence is straightforward.

Proposition 2 is a corollary of Lemma 1 since (p(G), C) is a complete lattice
in which the meet is the set intersection. Indeed, I £ Gext[D] IS a closure operator

on (p(G),C). I(A) = A comes directly from the previous idempotence proof. [

Proposition 3. For any g € G we have {g} = {ext(5(g))}. That is, any single-
ton set {g} C G is coverable and has a unique upper-approximation.

Proof. Let g € G, we have §(g) € cov({g}), thus ext(d(g)) € ext[cov({g})]. Let
us show that ext(d(g)) is a lower bound of ext[cov({g})]. We have by definition:
cov({g}) ={d € D|dC d(g)}. Thus, Vd € cov({g}) : d C 6(g). Since ext is an
order reversing operator, we obtain: VA € ext[cov({g})] : ext(d(g)) € A. Thus
ext(d(g)) is the smallest element of ext[cov({g})]. That is {g} = {ext(d(g))}. O

3.3 Linking Upper Approximations and Maximal Descriptions

Now that we have both upper approximations and maximal covering descrip-
tions, a judicious question would be:

Question 1. What is the relationship between covZ(A) and A for AC G?

Before diving into more details, consider the example below.

Ezample 4. Consider Fig. 2. Extent A = {g2, 94} has cov(4) = {b,b — b, c}.
Hence, cov” (A) = {b — b,c}. Therefore, extlcov” (A)] = {{g2,94},{91, 92, 94}}.
Besides, A = {{g2, g4} }. Thus, counter-intuitively, A is not equal to ext[cov’ (A)].
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Furthermore, when D is an infinite poset, the set cov” (A4) might not “hold”
all the information contained in cov(A). That is to say: “knowing only maximal
covering descriptions does not allow us to deduce the set of covering ones”.
Speaking formally, cov?(A) does not necessarily verify cov(A) =| covT(A).

4 Pattern Hyper-Structures and Completions

There is a standard construction how an ordered set of descriptions can be
turned in a semilattice of descriptions. For example, see [13], where a semilattice
on sets of graphs with labeled vertices and edges is constructed from the order
given by subgraph isomorphism relation. Let D = (D,C) be a poset and let
A(D) be the set of its antichains. It is possible to define a partial order by
letting 51752 € A(D) [4] S1 <5y iff Vs; € S13dsy € Sp: 51 C 59 (1e S cl SQ)
Please note that this relation does not define an order on (D). It does define
only a pre-order since anti-symmetry does not hold (see [8]).

In fact, when D is finite, (A(D), <) is a distributive lattice where the meet
and the join are given by S; A Sy = max (] S1N | S2) and Sy V Se = max(S; U
Sa), respectively. Thus, one can build a pattern structure with (A(D), <) which
embeds the pattern setup P = (G, D, d) for any finite set of objects G. We call
such a pattern structure the antichain completion of P.

Definition 7. Let P = (G, D,0) be a pattern setup, the antichain comple-
tion of P is the pattern setup denoted by PV and given by:

P = (G, (A(D),<),0 : g~ {d(9)})
Consider the following question for the more general case where D is infinite:

Question 2. What is a necessary and sufficient condition on P that makes PV
a pattern structure?

We have seen that the finiteness of D is a sufficient condition (i.e. (A(D), <) is
a distributive lattice), but not a necessary one. Definition 1 requires for PV that
for any A C G we have o[A] = {{6(9)} | g € A} has a meet in (A(D), <). This
condition is verified iff pattern setup P satisfies the following condition:

VA CG:cov(A) =0[A]" = | maz(5[A]) =/ cov(A) (1)
and then cov?(A) is the meet of o[A] in (A(D), <) (see Theorem 2).

Definition 8. A pattern setup (G, D, d) is said to be a pattern hyper-structure
if condition (1) holds.

Note that the term hyper in pattern hyper-structure comes from the
notion of hyper-lattices briefly introduced in [19]. Note also that graphs ordered
by subgraph isomorphism relation [13] induces a pattern hyper-structure but not
a pattern structure. Same remark holds for sequential patterns [6,7] under the
assumption of the existence of the largest sequence 1 subsumed by all sequences.
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Remark 3. When D is infinite, poset (A(D), <) remains to be a join-semilattice
but not necessarily has finite meets (as it is when D is finite). It was shown in
[4] that a necessary and sufficient condition on (A(D), <) to have finite
meets is as follows:

VS1, S, € A(D)3S € A(D) 1} Sin | Sy =L S (2)

In this case, S represents the meet (infimum) of {Si,S2} in A(D); moreover,
(A(D), <) becomes a distributive lattice. Requiring (A(D), <) to have a meet is
a sufficient condition, but still not necessary for the antichain completion
to be a pattern structure. In fact, condition (2) implies condition (1) (case G
finite). Moreover, an example from [4] shows that condition (2) does not always
hold even if (D,C) is a meet-semilattice. Example 5 shows that condition (1)
does not always hold.

Ezample 5. Consider the pattern setup (G, (D,2),0) with G = {g1,92}, D =
{la,b)] € R | a,b € R}\[1,3], 6(g1) = {1} and d(g2) = {3}. The considered
pattern setup does not verify condition (1) since §[G]¢ is clearly not empty while
maz(§[G]*]) = 0. (G, (D, D),d) is thus not a pattern hyper-structure.

Theorem 1. For any pattern hyper-structure (G, D, ), we have:
VA C G :A=min (ext [covI(A)])

Proof. Let A € p(G). If cov(A) = (), then the property trivially holds since
covt (A) = cov(A) = 0. Let A €| ext[D] (i.e. cov(A) # 0). We need to show the
following equivalent proposition min(ext[cov(A)]) = min(ext[mazx(cov(A))]).

We start by showing min(ext[cov(A)]) C min(ext[max(cov(A))]). Let B €
min(ext[cov(A)]). Since B € ext[cov(A)], Id € cov(A) s.t. B = ext(d). Since
cov(A) =] max(cov(A)) ((G,D, ) is a pattern hyper-structure), there exists ¢ €
max(cov(A)) s.t. d C c. Since extent is an order revering mapping, C' = ext(c) C
ext(d) = B. Supposing that C' € ext[max(cov(A))] s.t. C C B contradicts the
fact that B € min(ext[cov(A)]) since C C B and C € ext[cov(A)]. It follows that
C = B € ext[max(cov(A))]. Again, supposing that B ¢ min(extmax(cov(A)])
leads to a contradiction (3D € ext|max(cov(A)] C ext[cov(A)] s.t. D C B while
B € min(ext[cov(A)])). We conclude that B € min(ext[mazx(cov(A))]).

It remains to show that min(ext[cov(A4)]) 2 min(ext[maz(cov(A))]). Sup-
pose the converse: IE € min(ext[maz(cov(A))]) such that E ¢ min(ext[cov(A)]),
we have E € ext[mazx(cov(A))] C ext[cov(A)]. Since E ¢ min(ext[cov(A)]) and
ext[cov(A)] is finite, we obtain that IF € min(ext[cov(A)]) such that F C E.
The first inclusion implies F' € min(ext[maz(cov(A))]). This is a contradiction,
since at the same time F C E and E € min(ext[mazx(cov(A))]).

We conclude that A = min(ext[cov(A)]) = min(ext[covt(A)]). O

Theorem 1 answers question 1. It says that in a pattern hyper-structure
rather than considering all covering descriptions to compute A, it is sufficient to
consider only maximal covering ones. Theorem 2 answers question 2:
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Theorem 2. Let P = (G,D, ) be a pattern setup, the antichain completion
of P is a pattern structure iff P is a pattern hyper-structure. Operators
ext” and int” denote extent and intent of PV and are given by

(VS € A(D)) ext”(S) = (ext[S] (VA C G)int"(A) = cov” (A)
Moreover, we have P, = {(1S| S C Peyi}. Note that G € PY,

ext = ext’

Proof. Let us show that if P is a pattern hyper-structure then PV is a pat-
tern structure. PV is a pattern structure iff every subset of o[G] has a meet in
(A(D),<). For A C G we have o[A]* = {S € AD) | (Vg € A)S C| §(g9)} =
{S € AD) | S C §[A]*} where 6[A]* and o[A]* denote respectively the lower
bounds of §[A] w.r.t. C and the lower bounds of of o[A] w.r.t. < (recall that
S[A]f = Nyea +6(g)). In this proof | refers to the down-closure related to C.

— (=) Let A C G : 6[A)* =] max(6[A]*). Thus o[A)* = {S € A(D) | S C|
maz(5[A])} = {S € A(D) | S < max(5[A]*)}. Since max(5[A]°) € A(D),
so max(3[A]?) is the meet of o[A] in A(D).

— («=) PV is pattern structure is equivalent to say: VA C G, o[A] has a meet
M € A(D). That is, for A C G: VS € A(D) : S C §[A]* & S C| M.
Particularly, for S = {d} with d € D, we deduce that: Vd € 6[A]* : d €| M.
Thus, 6[A)* €] M. Moreover, since M C §[A]* (M € o[A]*) and | is a
closure operator on (p(D), C) we have by monotony | M C §[A]* C| M. We
conclude that §[A]* =] M (note that | 5[A]* = §[A]%). It follows that M =
max(§[A]?) that is §[A]¢ =] maz(5[A]%). This concludes the equivalence.
Let us now define intV and ext”. The previous proof shown that for A C G

we have int"(A) = maz(§[A]Y) = covT(A) (The meet of o[A] is maz(5[A]*)).
For extV operator, let S € A(D). We have: ext¥(S) ={g € G| S < o(9)} =
{9€G|SCLa(g)} ={g€ G| (Ve S)d L &(g)} = Naes extld) = MeatlS].
Let us show that PY,, = {(1S | S C Pey:}. By definition of ext?, the property
PY., C{NS|S C Pey} holds. For the inverse inclusion, it is sufficient to show
that Peyy C PV, (since (PY,,, C) is closed under intersection). Let A € Peyy.
3dd € D s.t. A = ext(d). Since {d} € A(D), and ext’({d}) = ext(d) = A. We
conclude that A € PY,, and PV, = {(\S | S C Pest}- 0

There is a completion that transforms any pattern setup to a pattern struc-
ture. This completion relies on the Dedekind-MacNeille completion.

Definition 9. The family of subsets of D given by DM (D) = {A*| A C D} is
a (-structure and is called the Dedekind-MacNeille Completion of D.

Theorem 3. Let P = (G, D, ) be a pattern setup. The Direct Completion
of P is the pattern structure denoted by PV and given by:

PY =(G,(DM(D),C),v g+ L d(g)
Operators extY and intY denote extent and intent of PY and are given by
(VS € DM(D)) ext" (S) = \ext[S] (VA C G)int" (A) = cov(A) = 5[A]"
Moreover, we have PY, = {1 S| S C Peut}.
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({g1,92,93,94},0)

({91, 92,93}, {a}) ({91, 92,94}, {b,c}) Fi
! _— [ ig. 3.
({g1,92},{a,b,c}) ({g2,94},{b — b, ¢} Concept
— ~ — ~ lattice
({g1},{c =a—=>b}) ({g2},{c=>b—=Db—=a}) ({94}, {b—=>b—c}) BP).
ey

Proof. According to definition 9, (DM (D), C) is a complete lattice closed under
intersection. Thus, the pattern setup PV is a pattern structure.

By definition, we have intY(A) = (\,ca I 6(9) = §[A]Y = cov(A) since
the meet in PY is (). For the extent operator extY. Let S € DM (D), we have
ext"(S) ={g€G|5Cld(g)} ={9eG|(vde S)d L i(g)} = ext]S].

Let us show that PY,, = {(S | S C Peyt}. Thanks to extY definition, prop-
erty PY.. € {(S| S C Peyt} holds. For the inverse inclusion, it is sufficient to
show that Pe,t C PY . (since (PY,;, C) is closed under intersection). Let A € Peyy,
3d € D such that A = ext(d). We have ext¥({d}") = ext"(l d) = {g € G ||
dCldé(g)}={9€G|dCd(g)} = ext(d) = A. We conclude that A € PY, and
PY..={NS|S C Pest}, which completes the proof. O

Ezample 6. Fig. 3 depicts the concept lattice B(PV) associated to the antichain
completion of the pattern hyper-structure P considered in Fig. 2 (i.e., the de-
scription space is augmented with the top element 1). One can see that there
are two new (underlined) extents {g1,g2} and {g1,92,93,94} in PV, \Peys. For
instance, consider the intent of {g1,g2} in the completion, each pattern d has
extent ext(d) 2 {g1, 92} Extent {g1, g2, 93,94} is non coverable in P and thus

iNtv({91792,93ag4}) = max(COU({gl,gz,g&m})) = max((l)) =0.

5 Conclusion

In this paper, we have developed a better understanding of pattern setups, a
framework that models pattern spaces relying only on a poset. Next, we studied
the usual transformation of pattern setups to pattern structures using antichains.
We have shown that such a completion does not always produce a pattern struc-
ture unless the pattern setup is a pattern hyper-structure. Finally, we have shown
that a natural completion of a pattern setup to a pattern structure exists thanks
to the Dedekind-MacNeille completion. This work paves the way to answer an
important question: How to enumerate extents of a pattern setup without “visit-
ing” the whole set of extents of its associated completion to a pattern structure?
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